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Fig-1 Two-dimentional array of Kohonen network
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Fig-4 Kohonen self-organization mapping for classification
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Application of Kohonen Network in RS Image Classification

.1 . 1 2
ZHANG Youshui s FENG Xuezhi, RUAN Renzong s MA Tu hua
(1. Department of Urban and Resources Science Nanjing University» Nanjing 210093, Chinas
2. Zhejiang Information Center of Land®Resources . Hangzhou 310007, China)

Abstract: According to the biological basis, basic structure and learning algorithms of Kohonen network, an image
classification method is introduced - Pre-processing the image with principal component analysis method based on spectral
characteristics of the land use types in the experimental area, and training Kohonen self-organization mapping with geo~
graphical ancillary data, land use classifications of Kohonen network are made by integrating image with geographic ancil -
lary data-The classification results are analyzed and compared with the results obtained by BackPropagation neural net-
work and Maximum Likelihood -The result shows that the classification with geographic ancillary data can improve the
image classification accuracy of Kohonen network -

Key words: artificial neural network ;self~organization ;land use ;RS image classification



